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Abstract

The aim of the study is to develop a valid and reliable measurement tool to measure employees’ percep-
tions of artificial intelligence awareness. In the first stage of the three-stage scale development study, in-
depth interviews were conducted. As a result of the content analysis of the data obtained from the inter-
views, a 41-item proposition pool was created. In the second stage, a draft of the items was created and
the scale was structured by consulting expert opinions in order to ensure meaning, face and scope valid-
ity. In the last stage, the scale was evaluated and a 14-item draft scale was created. As a result of the pilot
application conducted on 132 employees working in the healthcare sector using the draft scale, it was
decided to remove one item from the scale. Then, the final scale consisting of 13 items was reached: 139
employees in the automotive sector and 152 employees in the logistics sector. As a result of the analysis,
a 13-item one-dimensional scale emerged. The CFA server determined that the scale provided an accepta-
ble level of fit. Cronbach’s Alpha values were 0.834 in the healthcare sector; It was calculated as 0.810 in
the automotive sector and 0.867 in the logistics sector, and the scale was found to be valid and reliable.
The scale is an important measurement tool to be used to analyze individuals” awareness of Al in meas-
uring the level of individual awareness, determining educational needs, conducting attitude analysis,
developing policies and strategies, and academic research.

Keywords: Artificial Intelligence, Artificial Intelligence Perception, Artificial Intelligence Awareness,
Scale Development, Scale

Oz

Bu ¢aligmada, ¢calisanlarin yapay zekd farkindalhigina iliskin algilarim 6lgmek iizere gecerli ve giivenilir
bir dlgiim aract gelistirmek amaclanmstir. Ug agamal: dlgek gelistirme caligmasunin ilk agamasinda de-
rinlemesine goriismeler yapilmigstir. Bu goriismelerden elde edilen verilerin igerik analizi sonucunda 41
maddelik nerme havuzu olusturulmustur. Ikinci asamada maddelerin taslag: olusturulmus ve anlam,
goriiniis ve kapsam gecerliligini saglamak amaciyla uzman goriislerine basvurularak dlcek yapilandiril-
mugtir. Son asamada Olcek degerlendirilmis ve 14 maddelik taslak olgek olusturulmustur. Taslak 6lgek
kullamlarak saglik sektoriinde calisan 132 ¢alisan iizerinde yapilan pilot uygulama sonucunda lgekten
bir maddenin ¢ikarilmasina karar verilmistir. Daha sonra 13 maddeden olusan nihai 6lcege ulagilmigtir:
Otomotiv sektoriinde 139 calisan ve lojistik sektoriinde 152 caligan. Yapilan analizler sonucunda 13
maddelik tek boyutlu bir dlcek ortaya cikmstir. CFA sunucusu olgegin kabul edilebilir diizeyde uyum
sagladigim belirlemistir. Cronbach’s Alpha degerleri saglik sektoriinde 0,834; otomotiv sektiriinde 0,810
ve lojistik sektoriinde 0,867 olarak hesaplanmis olup dlgegin gecerli ve giivenilir oldugu bulunmustur.
Olgek, bireysel farkindalik diizeyinin dlciilmesinde, egitim ihtiyaglarinin belirlenmesinde, tutum analiz-
lerinin yapilmasinda, politika ve stratejiler gelistirilmesinde, akademik aragtirmalarda bireylerin yapay
zekaya iliskin farkindaliklarinin analiz edilmesinde kullanilabilecek 6nemli bir 6l¢iim aracidir.

Anahtar Kelimeler: Yapay Zekd, Yapay Zekd Algisi, Yapay Zekd Farkindaligr Olgek Gelistirme,
Olgek
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Introduction

Today, artificial intelligence (AI) technologies have
become an essential component of digital transfor-
mation and have begun to make their presence felt
across a broad spectrum—from daily life to the
business world, from healthcare to education
(Awad et al.,, 2020). The rapidly increasing influ-
ence of Al has created a critical need for awareness
regarding how individuals and institutions per-
ceive Al technologies, and to what extent they rec-
ognize the opportunities and risks associated with
them (West et al., 2020). AI awareness not only fa-
cilitates a conscious evaluation of the innovations
brought by AI but also contributes to a better un-
derstanding of its ethical, security-related, and
workforce-related impacts (Floridi et al., 2020).

Al awareness is a broad concept that encom-
passes individuals’ knowledge, perceptions, and
attitudes toward Al technologies. Measuring this
awareness is important for understanding individ-
uals’ levels of knowledge about Al, their attitudes
toward these technologies, and their awareness of
potential risks (Cath et al., 2018). The aim of this
study is to develop a valid and reliable scale to
measure individuals’ levels of Al awareness. The
scale development process was designed in light of
existing studies in the literature on Al awareness
and the societal impacts of Al (Bostrom et al.,
2021).

Measuring Al awareness is also crucial for de-
veloping strategies to increase public knowledge
about these technologies and to minimize their po-
tential negative effects (Jobin et al., 2020). In this
context, the Al Awareness Scale to be developed is
expected to serve as a significant tool in both aca-
demic research and practical applications. The
scale can be used to evaluate the effectiveness of
educational programs aimed at increasing aware-
ness of Al technologies and to determine the ap-
proaches of individuals and institutions toward
these technologies (Miiller, 2020; Tegmark, 2021).

Conceptual Framework
This section addresses the concepts related to the

topic of the scale, particularly artificial intelligence
and its applications.
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Artificial Intelligence

In 1950, British mathematician Alan Turing pro-
posed an experiment known as the Turing Test in
his article “Computing Machinery and Intelli-
gence.” This test was designed to determine
whether a computer could think like a human
(Russell et al., 2021). In 1956, researchers such as
John McCarthy, Marvin Minsky, Nathaniel Roch-
ester, and Claude Shannon gathered at Dartmouth
College and laid the foundations of Al research
(LeCun et al., 2021). During the 1970s and 1980s, an
approach known as expert systems was developed
in the field of Al These systems were designed to
transfer the knowledge of human experts into com-
puter programs and were used in decision-making
processes. Throughout the 1980s and 1990s, re-
search in Al focused heavily on machine learning,
which aims to enhance the ability of computers to
learn from data. Significant algorithms and tech-
niques were developed during this period (Haen-
lein et al., 2019).

In its broadest definition, artificial intelligence
refers to a computer or a computer-controlled ma-
chine’s ability to perform tasks that are typically
associated with high-level mental processes such
as reasoning, inference, generalization, and learn-
ing from past experiences (Nabiyev, 2016). The
term “Artificial Intelligence,” coined in 1955 by re-
tired Stanford professor John McCarthy, was de-
fined by him as the science and engineering of
making intelligent machines (Youdong et al.,
2014). Al is a branch of computer science and in-
volves developing computer programs to perform
tasks that would otherwise require human intelli-
gence. Al algorithms tackle and provide solutions
to problems involving learning, perception, prob-
lem-solving, language understanding, and logical
reasoning (Saleh, 2019).

Since the primary goal of Al research is to de-
velop systems that can think and make decisions
like humans, the structure and functioning of the
biological brain have served as inspiration for re-
searchers in this field (Marcus, 2019). One of the
foundational developments in Al, inspired by bio-
logical neurons (nerve cells), was the McCulloch-
Pitts neuron, proposed in 1943 by Warren S.
McCulloch and Walter Pitts (Hassabis et al., 2020).
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This model represents a simple binary variable that
can be in an “on” or “off” state and is capable of
performing basic logical functions such as AND,
OR, and NOT (Kartal, 2021).

Al is an integration of computer science and
physiology. In simple terms, intelligence is the
computational part of the ability to achieve goals
in the world (Zador, A. M., 2019). It is the ability to
memorize and comprehend, recognize patterns,
make adaptive decisions, and imagine and learn
from experience (Borana, 2016).

Many Al techniques used for developing deci-
sion-making strategies are discussed in the litera-
ture. Since the 1980s, when AI started to gain
prominence, the majority of studies have been al-
gorithm-based (Ghahramani, 2020). Knowledge-
based Al applications have evolved since the 1990s
and are now widely used. The most significant ad-
vantage of these approaches over algorithm-based
systems is that the problem definition and solution
are independent of each other, and the learning
process requires a more structured design (Lake et
al., 2021).

The most commonly used Al techniques are
listed below (Nabiyev, 2016):

*  Heuristic approaches

*  Fuzzy logic

*  Expert systems

*  Artificial neural networks

*  Genetic algorithms

*  Machine learning

*  Reinforcement learning

*  Deep learning approaches

There are many ways to build Al some of
which are illustrated Figure 1 (Saleh, 2019):

deep leamnin
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translation

machine learning

natural language
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information extraction /
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Figure 1. Artificial Intelligence
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Applications for Artificial Intelligence

Artificial intelligence (Al) is a rapidly developing
technology that has revolutionized many sectors in
recent years. Defined as computer systems en-
dowed with human-like thinking abilities, Al at-
tracts attention with its capacity to perform com-
plex tasks and its learning ability. The wide range
of Al applications has caused a significant transfor-
mation in the world of technology. The main areas
where Al is used are listed below (Chen et al.,
2022):

Healthcare: Al has made a significant impact in the
medical field by accelerating diagnosis and treat-
ment processes (Razzak et al, 2018). In areas such
as early disease detection, personalized treatment
plans, and drug discovery, robotic surgery, patient
monitoring and management, Al assists healthcare
professionals by analyzing large datasets (Esteva
et al, 2017, Zhang & Liu, 2020; Yamg et al.,
2020Chen et al., 2021; Mishra & Li, 2022). For ex-
ample, thanks to image processing technologies,
high accuracy rates can be achieved in cancer diag-
nosis (Asan & Choudhury, 2021; Bickmore et al.,
2021).

Finance: The finance sector uses Al in many areas
such as investment analysis, risk management,
fraud detection, and customer service (Yang et al.,
2021). Al algorithms help analyze large datasets to
predict market trends and develop investment
strategies. Additionally, chatbots provide 24/7 cus-
tomer support (Asatiani et al., 2023).

Automotive: Autonomous vehicles are one of the
most striking examples of Al in the automotive in-
dustry. With the help of sensors and Al algorithms,
vehicles can perceive their surroundings and move
safely. These technologies not only contribute to
the development of driverless cars but also bring
innovations in traffic management and road safety
(Garikapati, 2024).

Retail: The retail sector uses Al technologies to en-
hance customer experience. Recommendation sys-
tems offer personalized shopping experiences,
while processes such as inventory management
and demand forecasting are optimized with AL
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Furthermore, Al-powered chatbots and virtual as-
sistants provide instant support to customers
(Shankar et al., 2023).

Education: In the field of education, Al is used to
personalize learning experiences. Intelligent tutor-
ing systems can monitor student performance,
identify weak areas, and offer suggestions accord-
ingly. Al-supported language learning applica-
tions also offer students an interactive and effec-
tive learning environment (Ghali et al., 2018).

Art and Creativity: Al holds great potential in the
fields of art and creativity. Al-supported applica-
tions can create new works in fields such as music,
painting, and literature. For instance, music com-
posed, or paintings created by Al can inspire hu-
man creativity (Elgammal, 2023).

Industry and Manufacturing: As a key component
of Industry 4.0, Al enhances efficiency by automat-
ing production processes (Bogue, 2020). Robots
equipped with Al algorithms can carry out com-
plex production tasks more quickly and accu-
rately: Smart manufacturing systems, predictive
maintenance, quality control, supply chain man-
agement, simulation and modeling (Xu et al., 2018;
Jayaraman & Keoleian, 2020; Zang, 2021, Wamba
& Akter, 2020; Hsu et al., 2021). In addition, Al is
used in maintenance processes to predict machine
failures in advance (Zhang et al., 2022).

Service Sector: Al applications in the service sector
offer significant innovations in enhancing cus-
tomer experience, improving operational effi-
ciency, and enabling personalized services. Some
prominent Al applications that are becoming
widespread in the service sector are as follows:
Customer services and chatbots; personalized ser-
vices; automated content creation; tourism and
travel; education and learning (Wang et al., 2020;
Gatt et al., 2018; Jannach et al., 2016; Adamopoulou
et al., 2020; Zheng et al., 2021).

In sectors such as healthcare, finance, automo-
tive, retail, education, art, and industry, Al appli-
cations provide significant benefits in terms of effi-
ciency, accuracy, speed, and innovation. It is ex-
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pected that Al technologies will continue to de-
velop and become more widespread in the future.
This is likely to have even greater impacts on soci-
ety and the economy. For these reasons, it is im-
portant to raise individual and societal awareness
of Al, identify existing shortcomings, and work on
improvements.

Awareness and Al awareness

Awareness can be defined as the development of a
conscious attention and perception of an individu-
al's internal states, environmental stimuli and the
interactions between these two areas (Chen et al.,
2025). Artificial intelligence (AI) awareness is an
individual's knowledge about the existence, func-
tioning, usage areas and effects of Al technologies
and the ability to interpret this information in a
meaningful way in their daily life (Owsley and
Greenwood, 2024). Awareness is related to sub-
concepts such as attention, consciousness, intuition
and knowledge level and is a multidimensional
structure with these aspects. Basically, Awareness
involves the process of an individual having
knowledge about an object, event or process and
making sense of this information by processing it
at the cognitive level (Dolgikh, 2024). This concep-
tual structure can be examined under three main
headings: situational awareness, cognitive aware-
ness and emotional awareness (Endsley and Jones,
2024). This awareness requires a more holistic un-
derstanding that is not limited to technical
knowledge, but also includes ethical, social and
cultural impacts (Owsley and Greenwood, 2024).
Therefore, Al awareness; it is a multi-layered struc-
ture consisting of cognitive (what Al is and how it
works), behavioral (ability to interact with Al tech-
nologies) and critical (evaluating the social conse-
quences of Al) components (Chen, 2025). In to-
day's digitalizing world, increasing these aware-
ness levels of individuals are of great importance
in terms of promoting the conscious and ethical
use of technology.

The artificial intelligence awareness scale devel-
oped in this study is built based on the conceptual
structure described above. The scale aims to meas-
ure individuals' level of knowledge about Al tech-
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nologies, their attitudes towards technological ap-
plications, and their evaluations of the social ef-
fects of these technologies. In this context, a special
emphasis has been placed on the cognitive and
critical components of mindfulness; The approach
has been adopted that it is not only necessary to
have technological knowledge, but also to use this
knowledge in a meaningful and responsible way.
Thus, the scale developed is aimed to be based on
a solid theoretical basis and to produce valid and
reliable results in practice.

Artificial Intelligence Awareness Scale Develop-
ment Process and Method

This section includes the research problem, the
scale development process, and the population
and sample of the study.

Research Problem

Al technologies are rapidly evolving and becom-
ing more complex, making it difficult for individu-
als and society to understand them. An awareness
scale can help assess how well this complexity is
understood by measuring individuals' knowledge,
perceptions, and attitudes toward Al technologies.
The impact of Al is felt not only in the technology
sector but also in healthcare, education, law, and
the workforce. This broad impact necessitates that
individuals and organizations understand both the
potential opportunities and risks of Al A scale that
measures awareness can help determine how these
effects are perceived and to what extent society is
prepared for them.

Along with the development of Al, concerns
about ethics and safety have also increased. Misuse
or uncontrollable outcomes of Al systems can have
serious societal impacts. An awareness scale can
measure how sensitive individuals are to these eth-
ical and safety issues, contributing to better risk
management. Measuring awareness levels is es-
sential to identify areas that require more educa-
tion and awareness-raising efforts. A scale devel-
oped on Al awareness can identify knowledge
gaps and make educational programs more effec-
tive. Public awareness of Al is also a key factor in
forming public policies. An Al awareness scale al-
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lows policymakers to understand the public’s con-
cerns and needs and to make appropriate regula-
tions accordingly. The adoption of Al technologies
is directly related to individuals' attitudes toward
them. An awareness scale can reveal how ready so-
ciety is for these technologies and which factors
play a role in the adoption process.

For these reasons, the AI Awareness Scale will
be an important tool to help individuals and soci-
ety better understand Al technologies consciously
and effectively and to adapt to the changes brought
by these technologies.

Scale Development Process

The AI Awareness Scale was developed by apply-
ing the three-stage scale development process pro-
posed by Schwab. The stages of this process are as
follows: 1) Generating the item pool, 2) Structuring
the scale, 3) Evaluating the scale (Schwab, 2013). In
the first stage, expert academics from fields such as
business administration, computer engineering,
organizational management, strategic manage-
ment, and management information systems were
consulted regarding employee awareness of AL. A
focus group was formed with participation from
these academics as well as managers/employees
from the healthcare, manufacturing, and service
sectors. The focus group, consisting of 9 members,
discussed key issues in measuring Al awareness
among employees, the criteria that should be used,
and the appropriate language for scale items
(Caliskan, 2022; Demir & Akpar, 2016). Addi-
tionally, interviews were conducted with the focus
group members using semi-structured questions.
The qualitative data obtained were analyzed using
content analysis, and a 41-item pool was created.
This item pool provided a comprehensive frame-
work for measuring employee Al awareness. The
items focused on key areas such as Al systems, mo-
bile and smart devices, Al application areas, and
smart enterprises — all considered to be essential
aspects of the concept of "employee Al awareness."

In the second stage, a draft scale was created us-
ing the 41-item pool. Opinions were gathered from
six experts in Turkish language, business admin-
istration, management information systems, stra-
tegic management, industrial engineering, and
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computer engineering. The aim was to test the con-
tent validity of the items. Content validity refers to
whether the items used in the measurement tool
are quantitatively and qualitatively sufficient for
measuring the intended characteristics. Expert
opinions are commonly used to assess this
(Bagkale, 2016; Biiytikoztiirk, 2007: 167-182). The
experts evaluated the draft scale based on criteria
such as sensitivity, measurability, language coher-
ence, content relevance, and clarity. Thus, it was
ensured that the scale items addressed the core as-
pects of Al awareness, were adaptable to various
sectors and activities, and were based on concrete
and measurable objectives. It was important that
the language of the items be clear and understand-
able so that the sample could easily grasp their
meanings during implementation. According to
the Lawshe method, items with a content validity
ratio of zero or below were eliminated. Duplicate
items or those expressing the same idea were re-
moved or merged. The structuring of the scale was
carried out in three sessions. In the first session, the
scale was reduced to 23 items; in the second ses-
sion, to 16 items. In the third session, a 14-item
draft scale form was finalized. The resulting "Arti-
ficial Intelligence Awareness Scale Draft Form" is
presented below in Table 1.

In the third phase, a two-step study was con-
ducted to evaluate the scale. In the first step, a pilot
application of the draft version of the “Artificial In-
telligence Awareness Scale” was carried out in the
healthcare sector. Quantitative data were collected
through online and face-to-face surveys. In the pi-
lot study, data were obtained from 132 participants
working in the healthcare sector. After analyzing
the collected data, it was decided to remove item 5
from the draft scale. As a result, the final version of
the scale consisted of 13 items.

In the second step, the finalized scale items were
administered to two separate study groups. To en-
sure the scale could be applicable across various
sectors, it was decided to apply it in two different
sectors instead of only one. Accordingly, the scale
was administered to 139 employees in the automo-
tive sector and 152 employees in the logistics sec-
tor. The data were analyzed using IBM SPSS and
AMOS software. Exploratory and confirmatory
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factor analyses were conducted. Based on the anal-
ysis results, the one-dimensional structure of the
13-item Artificial Intelligence Awareness Scale was
confirmed through confirmatory factor analysis.
The findings indicated that the scale had an ac-
ceptable level of fit, and that it was a valid and re-
liable measurement tool. Participants evaluated
the scale items using a 5-point Likert scale ranging
from “1. Strongly Disagree” to “5. Strongly Agree.”
The Likert-type scale is a method used to measure
individuals” attitudes with high reliability and va-
lidity (Tekindal, 2009; Tavsancil, 2006).

Table 1. Draft Form of the Artificial Intelligence Awareness
Scale

Number of Scale Items

Scale Items

I1 Artificial intelligence is a concept created by uti-
lizing natural intelligence.

12 Systems operating based on artificial intelligence
are used in perception management.

I3 While shopping, Al-based systems help me deter-
mine the product I will buy.

14 The main purpose of Al systems is to make hu-
man life easier.

I5 Al-based systems have no significant impact on
commercial activities.

I6 Tasks that would take humans a long time to
complete are performed by Al systems very
quickly and without errors.

17 Data obtained from mobile devices I interact with
(phone, computer, etc.) is used by Al systems.

I8 The use of Al-based systems is becoming wide-
spread in various sectors such as education,
health, security, industry, agriculture, and tour-
ism.

9 Today, Al techniques are used in production and
management activities in businesses.

110 Our consumption tendencies can be predicted us-
ing Al techniques, and we receive feedback based
on the information obtained.

11 Al-powered robots are used to facilitate business
operations.

112 Al techniques are used for solving problems such
as image processing, facial recognition, and simi-
lar issues.

113 The main software component of unmanned aer-
ial vehicles and similar smart air stations is Al al-
gorithms.

114 Almost all of our searches on the internet produce
results using Al algorithms.

The internal consistency of the scale was as-
sessed using the Cronbach’s Alpha method. The
survey designed for this study consisted of two
parts: The first part included four demographic
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items such as gender, age, educational back-
ground, and marital status. The second part in-
cluded the 13-item Artificial Intelligence Aware-
ness Scale. To assess the construct validity of the
scale, both validity and reliability were tested, and
confirmatory and exploratory factor analyses were
performed for this purpose.

Population and Sample of the Study

Ethical approval for the study was obtained from
Giresun University Rectorate’s Ethics Committee
for Social Sciences and Engineering Sciences Re-
search, with the decision dated 06.11.2024 and
numbered 10/GD-1. A random sample was used
and quantitative research was conducted using
both online and face-to-face data collection meth-
ods. Among the survey forms collected, 44 were
found to be incomplete or incorrectly filled out and
were therefore excluded from the evaluation—11
from the healthcare sector, 15 from the automotive
sector, and 18 from the logistics sector. As a result,
132 forms from the healthcare sector (pilot study),
139 from the automotive sector, and 152 from the
logistics sector were included in the evaluation.
According to Bryman and Cramer (2012), in scale
development studies, the number of participants
should be at least 5 to 10 times the number of items
in the scale. Since the scale used in this study con-
sisted of 13 items, the minimum required number
of participants is 130 (13 x 10 = 130). Therefore,
reaching 139 participants in the automotive sector
and 152 in the logistics sector indicates that the
sample size was sufficient. The population of the
study consisted of employees in the production
and service sectors. The demographic characteris-
tics of the participants from the healthcare sector
(pilot study) and from the production and service
sectors are presented in Table 2.

When examining the demographic characteris-
tics of the participants in the healthcare sector,
50.8% were male, 45.5% were between the ages of
18 and 24, 65.2% held an associate degree, and
57.6% were single. According to the demographic
characteristics of the participants in the automotive
sector, 74.8% were male, 47.5% were between the
ages of 18 and 24, 64.7% held an associate degree,
and 66.9% were single. In the logistics sector, 59.9%
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of the participants were female, 62.5% were be-
tween the ages of 18 and 24, 61.2% held an associ-
ate degree, and 76.3% were single. Table 3 below
presents the distribution of agreement levels with
the items of the Artificial Intelligence Awareness
Scale across the healthcare, automotive, and logis-
tics groups.

Table 2. Distribution of demographic characteristics of the
health automotive and service group

Healthcare = Automotive Logistics
(n=132) (n=139) (n=152)
n % n % n %
Male 67 50,8 104 74,8 61 40,1
Gender
Female 65 49,2 35 252 91 59,9
18-24 60 45,5 66 47,5 95 62,5
Age 25-34 44 33,3 54 38,8 36 23,7
35-44 20 152 10 7,2 10 6,6
45 and over 8 6,1 9 6,5 11 7,2
High school 6 45 16 11,5 16 10,5
. dA:gsf:;ate 86 652 90 647 93 612
Education
Level Bachelor's 182 20 209 39 257
degree
Z;’;tgradu' 16 121 4 29 4 26
Civil Married 56 42,4 46 33,1 36 23,7
status Single 76 57,6 93 66,9 116 76,3

When Table 3 is examined, the three items with
the highest levels of agreement in the healthcare
sector are: “Artificial intelligence techniques are
used for solving problems such as image pro-
cessing, facial recognition, and similar tasks.
(4.13)”, “The use of artificial intelligence-based sys-
tems is becoming widespread in various sectors
such as education, healthcare, security, industry,
agriculture, and tourism. (4.08)”, and “The main
software component of unmanned aerial vehicles
and similar smart air stations consists of artificial
intelligence algorithms. (4.09)”. The three items
with the lowest levels of agreement are: “Al-based
systems have no meaningful impact on commer-
cial activities. (2.48)”, “Al-based systems help me
decide what product to buy while shopping.
(3.61)”, and “Tasks that would take humans a long
time can be performed quickly and flawlessly by
Al systems. (3.77)".

In the automotive sector, the three items with
the highest levels of agreement are: “The use of Al-
based systems is becoming widespread in various
sectors such as education, healthcare, security, in-
dustry, agriculture, and tourism. (4.12)”, “The
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main goal of Al systems is to make human life eas-
ier. (4.04)”, and “Data obtained from mobile de-
vices I interact with are used by Al systems. (4.04)".

Artificial Intelligence Awareness Scale Development Study

Table 3. Distribution of Participation Levels for the Artificial Intelligence Awareness Scale Items

that would take humans a long time can be per-
formed quickly and flawlessly by Al systems.
(3.61)".

1 2 3 4 5
Q
3
»-5 Item n % n % n % n % n % Ort  ss
Artificial intelligence is a concept created by utilizing natural intelligence. 4 30 9 6,8 13 98 74 56,1 32 242 392 0%
Systems operating based on artificial intelligence are used in perception management. 3 23 9 6,8 25 189 71 538 24 182 379 0,9
While shopping, Al-based systems help me determine the product I will buy. 7 53 16 12,1 22 16,7 63 47,7 24 182 3,61 1,08
The main purpose of Al systems is to make human life easier 4 30 8 6,1 20 152 62 470 38 288 392 0,98
Al-based systems have no significant impact on commercial activities. 28 21,2 52 394 20 152 24 182 8 6,1 2,48 1,19
Ta§ks that w01ild take humans a long time to complete are performed by Al systems very 1 08 14 106 23 174 71 538 23 174 377 0,89
quickly and without errors.
Data obtained from mobile devices I interact with (phone, computer, etc.) is used by Al 2 15 3 23 27 205 63 477 37 280 398 085
systems.
£ Theuse of Al-based systems is becoming widespread in various sectors such as education,
$ health, security, industry, agriculture, and tourism. 2 15 7 53 11 83 70 53,0 42 31,8 4,08 087
e
Today, Al techniques are used in production and management activities in businesses. 0 00 6 45 23 174 72 545 31 235 397 0,77
Our consumption iendencu'es can b? predicted using Al techniques, and we receive feed- 0 00 6 45 2B 174 73 553 30 227 396 077
back based on the information obtained.
Al-powered robots are used to facilitate business operations. 1 0,8 7 53 21 159 74 561 29 220 393 0,81
Al tec_hn'iqu'es are used for solving problems such as image processing, facial recognition, 0 00 3 23 19 144 68 515 42 318 413 074
and similar issues.
The main s_oftware component of unmanned aerial vehicles and similar smart air stations 0 00 7 53 14 106 71 538 40 303 409 079
is Al algorithms.
Almost all of our searches on the internet produce results using Al algorithms. 1 0,8 5 3,8 21 159 66 500 39 295 4,04 0,82
Artificial intelligence is a concept created by utilizing natural intelligence. 5 3,6 9 6,5 20 144 69 496 36 259 3,88 099
Systems operating based on artificial intelligence are used in perception management. 0 00 7 50 44 31,7 59 424 29 209 379 083
While shopping, Al-based systems help me determine the product I will buy. 8 58 13 94 32 230 65 468 21 151 356 1,04
The main purpose of Al systems is to make human life easier. 4 29 3 2,2 17 122 75 540 40 288 4,04 0,87
Tasks t}iat would tai<e humans a very long time to complete are performed by Al systems 5 36 14 101 30 216 71 511 19 137 361 097
very quickly and without errors.
Data obtained from the mobile devices I interact with are used by Al systems. 2 14 3 22 17 122 83 597 34 245 404 0,77
4 . . . . . .
.; The use of AI'—bas.ed systems 1s' becoming w1desPread in various sectors such as education, 1 07 6 43 13 94 75 540 44 317 412 080
g health, security, industry, agriculture, and tourism.
2 Today, Al techniques are used in production and management activities in businesses. 0 00 4 29 23 165 83 597 29 209 399 0,70
é’ Our consumption iendenci('es can be. predicted using Al techniques, and we receive feed- 4 29 3 22 20 144 79 568 33 237 39 085
back based on the information obtained.
Al-powered robots are used to facilitate business operations. 1 0,7 8 58 25 180 75 540 30 216 390 0,83
Al tec_hn'iqu'es are used for solving problems such as image processing, facial recognition, 0 00 7 50 14 101 79 568 39 281 408 076
and similar issues.
The main s_oftware component of unmanned aerial vehicles and similar smart air stations 1 07 8 58 27 194 64 460 39 281 395 0,88
is Al algorithms.
Almost all of our searches on the internet produce results using Al algorithms. 2 14 9 65 34 245 60 432 34 245 383 092
Artificial intelligence is a concept created by utilizing natural intelligence. 4 26 8 53 24 158 78 51,3 38 250 391 0,92
Systems operating based on artificial intelligence are used in perception management. 3 20 1 72 30 197 73 480 35 230 383 093
While shopping, Al-based systems help me determine the product I will buy. 7 46 19 125 37 243 51 336 38 250 362 1,13
The main purpose of Al systems is to make human life easier. 1 0,7 6 3,9 31 204 74 48,7 40 263 396 083
Tasks t}iat would tai<e humans a very long time to complete are performed by Al systems 6 39 13 86 33 217 66 434 34 224 372 1,03
very quickly and without errors.
Data obtained from the mobile devices I interact with are used by Al systems. 3 20 8 53 16 105 91 599 34 224 395 085
§ The use of AI'—bas.ed systems 1s' becoming w1desPread in various sectors such as education, 0 00 9 59 19 125 76 500 48 316 407 0,82
% health, security, industry, agriculture, and tourism.
¥ Today, Al techniques are used in production and management activities in businesses. 1 07 4 26 26 171 71 46,7 50 329 4,09 081
- . . . . . . _
Our consumption iendencu'es can be. predicted using Al techniques, and we receive feed 1 07 9 59 21 138 79 520 42 276 400 085
back based on the information obtained.
Al-powered robots are used to facilitate business operations. 3 20 9 59 24 158 73 480 43 283 395 093
Al tec_hn'iqu'es are used for solving problems such as image processing, facial recognition, 3 20 5 33 10 66 73 480 61 401 421 086
and similar issues.
The main s_oftware component of unmanned aerial vehicles and similar smart air stations 1 07 10 66 2 145 64 421 55 362 407 091
is Al algorithms.
Almost all of our searches on the internet produce results using Al algorithms. 1 0,7 9 59 14 92 69 454 59 388 4,16 0,87

1: Strongly disagree, 2: Disagree, 3: Neutral, 4: Agree, 5: Strongly agree

ment are: “Al-based systems help me decide what
product to buy while shopping. (3.56)” and “Tasks

In the logistics sector, the three items with the

The two items with the lowest levels of agree-
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highest levels of agreement are: “Al techniques are
used to solve problems such as image processing
and facial recognition. (4.21)”, “Almost all of the
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searches we make on the internet produce results
using Al algorithms. (4.16)”, and “The use of Al-
based systems is becoming widespread in various
sectors such as education, healthcare, security, in-
dustry, agriculture, and tourism. (4.07)”. The two
items with the lowest levels of agreement are: “Al-
based systems help me decide what product to buy
while shopping. (3.62)” and “Tasks that would
take humans a long time can be performed quickly
and flawlessly by Al systems. (3.72)”. In all three
sectors, the items with the highest levels of agree-
ment are generally focused on the application and
impact of Al in specific domains.

Results

The data were analyzed using SPSS 27.0 software
with a 95% confidence level. Frequency (n) and
percentage (%) values were reported for categori-
cal (qualitative) variables, and mean (M) and
standard deviation (SD) values for numerical
(quantitative) variables. Exploratory Factor Analy-
sis (EFA) was conducted to determine the factor
structure of the scale. The structure of the scale was
examined using Confirmatory Factor Analysis
(CFA) based on the study data. The Cronbach’s Al-
pha reliability coefficient was calculated.

Exploratory Factor Analysis (EFA)

Exploratory Factor Analysis was conducted to de-
termine the construct validity of the scales used in
the study. According to Biiyiikoztiirk (2007), when
the total correlation of scale items and the factor
loading value are 30% or higher, the items success-
fully differentiate participant responses. To assess
the suitability of the sample for factor analysis, the
KMO and Bartlett’s tests were applied. The KMO
coefficient was calculated to test sample adequacy,
and Bartlett’s test was used to assess the assump-
tion of normal distribution. Whether to proceed
with factor analysis was determined based on the
result of the Bartlett test. For factor analysis to be
conducted, the KMO value must be at least 0.50
and the Bartlett’s test result must be statistically
significant (Jeong, 2004: 70). After the factor analy-
sis, factor loadings were examined to decide
whether to assign items to specific factors or re-
move them from the scale. Additionally, in the
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item-total correlation analysis, each item’s correla-
tion coefficient must be greater than 0.300.

EFA was applied in responses received from a
total of 291 people, including 139 employees in the
automotive sector and 152 employees in the logis-
tics sector.

Reliability Analysis

The Cronbach's Alpha coefficient has been calcu-
lated to test the reliability level of the scale. The
value of the Cronbach's Alpha coefficient ranges
between 0 and 1. Each value range of the
Cronbach's Alpha coefficient indicating the relia-
bility level of the scale is as follows (Nunnally,
1967, 248): Cronbach's Alpha =,00 < a <,40 the scale
is not reliable. Cronbach's Alpha =,40 < « <,60 the
scale has low reliability. Cronbach's Alpha =,60 <
a <,80 the scale is fairly reliable. Cronbach's Alpha
=,80 < a < 1,00 the scale is highly reliable.

Confirmatory Factor Analysis (CFA)

To determine model adequacy, CFA was per-
formed, and multiple fit indices were used. These
indices help identify whether there are differences
between the theoretical model and the empirical
data, and highlight strengths and weaknesses.
Commonly used indices include the Chi-Square
Goodness of Fit Test, Goodness of Fit Index (GFI),
Adjusted Goodness of Fit Index (AGFI), Compara-
tive Fit Index (CFI), Root Mean Square Residual
(RMR or RMS), and Root Mean Square Error of Ap-
proximation (RMSEA) (Cole, 1987; Stimer, 2000).

CFA was applied in responses received from a
total of 291 people, including 139 employees in the
automotive sector and 152 employees in the logis-
tics sector.

Findings

Table 4 below presents the results of the item-total
correlation analysis.

According to the item-total correlation analysis
results of the Artificial Intelligence Awareness
Scale presented in Table 4, the item with the lowest
correlation coefficient is item 5: “Artificial intelli-
gence-based systems have no significant impact on
commercial activities.” This item was removed
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prior to the EFA. The correlation coefficients of the
remaining 13 items are high (r > 0.300). Table 5 be-
low presents the KMO and Bartlett’s test results of
the scale.

Table 4. Item-Total Correlation

Item-Total  Cronbach's
Correla- Alpha if
tion Item Deleted

Item

I1  Artificial intelligence is a concept cre-
ated by utilizing natural intelligence.

12 Systems operating based on artificial
intelligence are used in perception
management.

I3 While shopping, Al-based systems
help me determine the product I will
buy.

I4  The main purpose of Al systems is to
make human life easier.

I5 Al-based systems have no significant
impact on commercial activities.

I6  Tasks that would take humans a long
time to complete are performed by Al
systems very quickly and without er-

0,495 0,774

0,412 0,782

0,444 0,779

0,379 0,785

-0,088 0,834

0,317 0,789

rors.

17 Data obtained from mobile devices I
interact with (phone, computer, etc.) is
used by Al systems.

I8  The use of Al-based systems is becom-
ing widespread in various sectors such
as education, health, security, indus-
try, agriculture, and tourism.

I9  Today, Al techniques are used in pro-
duction and management activities in
businesses.

I10 Our consumption tendencies can be
predicted using Al techniques, and we
receive feedback based on the infor-
mation obtained.

I11 Al-powered robots are used to facili-
tate business operations.

I12 Al techniques are used for solving
problems such as image processing,
facial recognition, and similar issues.

I13 The main software component of un-
manned aerial vehicles and similar
smart air stations is Al algorithms.

0,379 0,784

0,523 0,772

0,608 0,767

0,576 0,770

0,519 0,773

0,559 0,772

0,555 0,771

114 Almost all of our searches on the inter-
net produce results using Al algo-
rithms.

0,439 0,780

When the results of the EFA for the Artificial Intel-
ligence Awareness Scale in Table 5 are examined,
the KMO value is found to be 0.851, which is
greater than 0.50.

Table 5. KMO and Bartlett’s Test Results for the Scale

KMO 0,851
X2 482,337
Bartlett's Test Sd 91
P <0,001

This indicates that the sample size is sufficient
for factor analysis (KMO > 0.500). The result of the
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Artificial Intelligence Awareness Scale Development Study

Bartlett’s test was calculated as X? = 482.337 and
found to be significant (p <0.05), indicating that the
condition of normal distribution is met. Based on
the outcomes of the KMO and Bartlett tests, it has
been determined that the data used in the study are
suitable for factor analysis of the Artificial Intelli-
gence Awareness Scale. The Scree Plot (Eigenvalue
distribution) is presented in Figure 2 below.

Scree Plot

Eigenvalue

1 2 3 4 5 6 7 8 9 10 1" 12 13 14

Component Number

Figure 2. Scree Plot (Distribution of Eigenvalues)

Following the confirmation that the scale is suit-
able for factor analysis, an examination of its struc-
ture was conducted. Three sub-dimensions with
eigenvalues greater than 1 were identified. How-
ever, in the analyses, sub-dimensions consisting of
only one item were observed in the 2- and 3-factor
structures. Additionally, the explained variance ra-
tios of these sub-dimensions were found to be low.
Similar results were obtained with different rota-
tion methods. As shown in the Scree Plot in Figure
2, a single-factor structure is appropriate for the
scale. Accordingly, the Artificial Intelligence
Awareness Scale was evaluated as a single-factor
structure. Table 6 presents the results of the EFA of
the scale.

According to the results of Figure 2 and Table 6,
it was decided that the Artificial Intelligence
Awareness Scale consists of a single factor and 13
items. The factor loadings of the scale range be-
tween 0.381 and 0.721, and the total explained var-
iance rate was calculated as 35.296%. There are no
items in the scale with low factor loadings, that fail
to represent the scale, or that are not distinctive
(Factor loading > 0.300).

Table 6. Results of EFA for the Scale
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Item
No Statements

Explained

Factor k
Loadin Variance
8 Ratio

In Today, Al techniques are used in pro-
duction and management activities in 0,721
businesses.

12 Al techniques are used for solving
problems such as image processing, 0,714
facial recognition, and similar issues.

I3 Our consumption tendencies can be
predicted using Al techniques, and we
receive feedback based on the infor-
mation obtained.

14 The use of Al-based systems is becom-

ing widespread in various sectors

0,679

0,676
such as education, health, security, in-

dustry, agriculture, and tourism.

15 The main software component of un-
manned aerial vehicles and similar 0,658
smart air stations is Al algorithms.

16 Al-powered robots are used to facili- 0,638
tate business operations. ’

17 Artificial intelligence is a concept cre-
ated by utilizing natural intelligence.

18 Almost all of our searches on the inter-
net produce results using Al algo-

rithms.

2
0,595 35,296

0,574

9 While shopping, Al-based systems
help me determine the product I will
buy.

I10  Systems operating based on artificial
intelligence are used in perception

0,543

0,491
management.

I11  Data obtained from mobile devices I
interact with (phone, computer, etc.) is
used by Al systems.

0,482

I12  The main purpose of Al systems is to
. . 0,451
make human life easier.
113 Tasks that would take humans a long
time to complete are performed by Al 0,381
systems very quickly and without er-

Tors.

CFA was applied on the responses received from
a total of 291 people, including 139 employees in the
automotive sector and 152 employees in the logis-
tics sector. The fit indices of the CFA and the results
of the CFA model fit are presented below in Table
7 (Meydan & Sesen, 2015; Tabachnick & Fidell,
2012).

Table 7. Fit Indices of the Artificial Intelligence Awareness

Scale for CFA
Index Good Fit  Acceptable Fit DFA Results
X2 X X 91,758
sd X X 61
X?/sd <3 <5 1,504
GFI >0,95 >0,90 0,969
AGFI >0,90 >0,85 0,953
CFI >0,97 >0,90 0,976
RMR <0,05 <0,08 0,028
RMSEA  <0,05 <0,08 0,035
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Table 7 presents the CFA fit indices calculated
for the Artificial Intelligence Awareness Scale. Ac-
cording to these results, the Chi-square goodness
of fit, GFI, AGFI, CFl, RMR, and RMSEA indices
indicate a good model fit. The validity of the scale
has been confirmed, and the scale is consistent
with the data obtained. Below, Figure 3 shows the
path diagram generated in the CFA, and Table 8
presents the CFA results

Artificial
I =

Awanreness
Scale

26
Figure 3. Roadmap Created in CFA
Table 8. CFA Results
Scale Item B sh t p
Iteml 0,443
Item2 0,457 0131 7,373 <0,001
Item3 0,442 0173 6,587  <0,001
Item4 0,463 0,145 6,773  <0,001
Item6 0,410 0,150 6,286  <0,001
Item7 0,521 0141 7,235 <0,001
iﬁiﬁ;ﬁiﬁfeme Item8 0570 0,48 7,560 <0,001
Item9 0,615 0,143 7,817 <0,001
Item10 0,587 0,150 7,669  <0,001
Item11 0,646 0,166 7951 <0,001
Iteml2 0,674 0,155 8156 <0,001
Item13 0,584 0,157 7,663 <0,001
Item14 0,630 0,168 7,860  <0,001

The AVE and CR values of the Artificial Intelli-
gence Awareness Scale are given in Table 9 below.

Table 9. Artificial Intelligence Awareness Scale AVE and
CR Values
Scale

AVE CR
0.301 0.845

Artificial Intelligence Awareness Scale

For the Artificial Intelligence Awareness Scale,
the AVE (Average Variance Extracted) value was
calculated as 0.301 and the CR (Composite Relia-
bility) value as 0.845. Bagozzi et al. (1991) stated
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that convergent validity is ensured when all items
forming the scale factor are significant. Addition-
ally, it has been emphasized that even if the AVE
value is below 0.5, convergent validity can still be
considered acceptable as long as the CR value ex-
ceeds 0.7 (Huang et al., 2013; Buric et al., 2016). The
analysis results show that the CR value of the scale
exceeds 0.7. Based on these findings, it can be con-
cluded that the convergent validity of the scale is
established. Table 10 below presents the reliability
results.

Table 10. Reliability Analysis Results

Artificial Intelligence Awareness Scale Development Study

have an even more positive view of artificial intel-
ligence compared to the other sectors and perceive
its potential in their field to be high. While the lo-
gistics sector had the highest average agreement
level (79.27%) and the automotive sector had the
lowest (78.05%), the agreement rates across all sec-
tors were quite close and above 78%. This indicates
that artificial intelligence is broadly accepted and
perceived positively across all three sectors.

The “Artificial Intelligence Awareness Scale”
developed as a result of this study is presented be-
low in Table 12.

Group Cronbach's Alpha Table 12. Artificial Intelligence Awareness Scale
Health 0,834 Number Scale Items
Automotive 0,810 of Scale
Items
Logistics 0,867 I Artificial intelligence is a concept created by uti-
lizing natural intelligence.
12 Systems operating based on artificial intelligence

As shown in Table 10, the reliability coefficient
of the Artificial Intelligence Awareness Scale ex-
ceeds 0.800 across all groups. This indicates that
the scale has a very high level of reliability. De-
scriptive statistical values for the Artificial Intelli-
gence Awareness Scale are presented in Table 11
below.

Table 11. Descriptive Statistics of the Artificial Intelli-
gence Awareness Scale

Group n Mean sd Level 1511e(sesw- i(i:rto-
Health 132 3,94 0,50 78,76  -0,76 1,65
Automotive 139 3,90 0,48 78,05  -0,30 0,74
Logistics 152 3,96 0,56 79,27 -0,72 0,71

According to Table 11, participants from the
healthcare sector showed a high level of agreement
with the statements related to artificial intelligence,
with an average agreement rate of 78.76%. This in-
dicates that the majority of participants in this sec-
tor have a positive attitude toward artificial intelli-
gence and acknowledge its benefits. Similarly, par-
ticipants in the automotive sector also demon-
strated a high level of agreement, with an average
of 78.05%. This suggests a general acceptance of ar-
tificial intelligence in this sector as well, although
slightly lower than in the healthcare sector. The lo-
gistics sector showed the highest average agree-
ment level with Al-related statements at 79.27%.
This implies that participants in the logistics sector
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are used in perception management.

I3 While shopping, Al-based systems help me deter-
mine the product I will buy.

14 The main purpose of Al systems is to make human
life easier.

15 Tasks that would take humans a very long time to
complete are performed by Al systems very
quickly and without errors.

I6 Data obtained from the mobile devices I interact
with are used by Al systems.

17 The use of Al-based systems is becoming wide-
spread in various sectors such as education,
health, security, industry, agriculture, and tour-
ism.

I8 Today, Al techniques are used in production and
management activities in businesses.

19 Our consumption tendencies can be predicted us-
ing Al techniques, and we receive feedback based
on the information obtained.

110 Al-powered robots are used to facilitate business
operations.

11 Al techniques are used for solving problems such
as image processing, facial recognition, and simi-
lar issues.

112 The main software component of unmanned aer-
ial vehicles and similar smart air stations is Al al-
gorithms.

113 Almost all of our searches on the internet produce
results using Al algorithms.

Discussion

In the study, a single-factor Artificial Intelligence
Awareness Scale consisting of 13 items was devel-
oped.

The literature has been examined, and it has
been seen that the studies on Al are generally scale
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development or application studies for the health
and education sector. The scale developed in this
study is a measurement tool that can be used in all
sectors.

Brougham and Haar (2018) developed a new
measurement tool "STARA (Smart Technology,
Artificial Intelligence, Robotics, and Algorithms)
awareness" that describes how employees perceive
technological developments in terms of their own
jobs and careers, how they prepare for these possi-
ble changes, and to what extent their jobs can be
modified by such technologies. It was found that
STARA awareness was negatively associated with
organizational commitment and career satisfac-
tion, and positively related to turnover intentions,
cynicism and depression.

Bakir et al. (2025) focused on raising Al aware-
ness to increase employee engagement in the hos-
pitality industry. They emphasized the importance
of employee retention by providing insights to fa-
cilitate positive awareness of Al applications in the
workplace. They stated that Al can cause negative
concerns for employees, such as threats to change
jobs, job insecurity, and higher turnover.

The Artificial Intelligence Awareness Level
Scale for Teachers, which consists of the sub-di-
mensions of "Associating, Belief and Attitude, The-
oretical Knowledge, Practical Knowledge", was de-
veloped by Ferikoglu and Akgiin in 2022.

"Artificial Intelligence Awareness Survey" was
developed by Yilmaz (2021). The questionnaire
consists of four sections: (1) introductory infor-
mation section, (2) section questioning students'
artificial intelligence usage status and internet us-
age status, (3) section questioning Al awareness,
(4) open-ended questions section questioning stu-
dents' thoughts on future artificial intelligence ap-
plications, and a total of 40 items.

Conclusion

The Artificial Intelligence Awareness Scale is an in-
novative tool developed to measure society’s level
of knowledge and attitudes toward AI technolo-
gies. In this study, a three-stage scale development
process was completed. In the first stage of the pro-
cess, in-depth interviews were conducted. Based
on the content analysis of these interviews, an ini-
tial pool of 41 items was created. In the second
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stage, a draft of the scale was formed, and expert
opinions were sought to ensure semantic, face, and
content validity. In the final stage, the scale was
evaluated and refined into a 14-item draft version.
A pilot study was then conducted with 132 em-
ployees in the healthcare sector, resulting in the re-
moval of one item. Subsequently, the final 13-item
version of the scale was administered to 139 em-
ployees in the automotive sector and 152 employ-
ees in the logistics sector. The data collected were
analyzed using IBM SPSS 21 and AMOS 21
through CFA and EFA. The analyses revealed a
single-factor structure consisting of 13 items. CFA
results indicated that the scale has an acceptable
level of model fit. Cronbach’s Alpha values were
calculated as 0.834 for the healthcare sector, 0.810
for the automotive sector, and 0.867 for the logis-
tics sector, confirming the scale’s validity and reli-
ability. As a result of this study, a significant tool
has been introduced to measure employees’
awareness of artificial intelligence across various
sectors. This scale enables a better understanding
of the societal impacts of Al technologies and facil-
itates the measurement of awareness levels toward
these technologies.

With the rapid advancement of AI technologies
and their increasing societal impact, the need for
such an awareness measurement tool is evident in
the literature (Floridi et al., 2020; Jobin et al., 2019).
In this context, the developed scale addresses this
gap by providing a means to identify individuals'
knowledge gaps and misconceptions about Al
Additionally, the use of this tool can yield valuable
insights into how Al technologies are perceived by
the general public, thereby informing the develop-
ment of educational programs and public policies
(Cath et al.,, 2018). Moreover, the analysis results
obtained from administering the scale across dif-
ferent sectors demonstrate that it can be applied
universally across various industries. While this
study represents an important first step in devel-
oping and implementing strategies to increase Al
awareness, it would be beneficial for future studies
to apply the scale to broader sample groups to fur-
ther enhance its validity and reliability.

The developed scale is a powerful instrument
that can be used to evaluate the effectiveness of ed-
ucational and awareness programs, shape public
policy, and understand how AI technologies are
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being accepted by society. The Artificial Intelli-
gence Awareness Scale will serve as a fundamental
tool in efforts to increase social awareness of Al's
social and economic impacts and to manage these
impacts effectively. The development and applica-
tion of such awareness measurement tools have
the potential to help society make the best use of
Al technologies while minimizing possible risks.

During the scale development process, a pilot
application was carried out on 132 employees work-
ing in the health sector, and then 139 employees in
the automotive sector and 152 employees in the lo-
gistics sector were reached in the applications made
with the final scale. These sample numbers are one
of the limitations of the research. In future research,
scale can be applied in different sectors and by
reaching a higher sample number.

One of the theoretical contributions of this
study is to clarify the conceptual ambiguities in lit-
erature by considering artificial intelligence aware-
ness as a multidimensional structure. The devel-
oped scale allows us to measure not only the tech-
nical knowledge of individuals about Al, but also
their sensitivity to the ethical, social and cultural
effects of these technologies. In this respect, the
study provides a theoretical framework for under-
standing the critical thinking levels of individuals
about Al technologies and contributes to areas
such as digital literacy and technology ethics. The
social significance of the scale is that it supports in-
dividuals to interact consciously and responsibly
with Al technologies; This can have broader social
implications, such as shaping education policies,
addressing digital inequalities, and increasing par-
ticipation in technology-based decision-making.
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